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Woulda Shoulda Coulda?: The Impact of Predictive, Prescriptive, and Prospective Expectations on Stakeholder Reactions

ABSTRACT
[bookmark: OLE_LINK12][bookmark: OLE_LINK41]When and why might stakeholders react to firm activities in ways that might be different than, or even contradictory to, what we might expect based on the extant research? We draw on expectancy violation theory (EVT) and bring in the notion of heuristics and future-oriented expectations to examine this question, using a sample of investor reactions to earnings surprises from 2013 to 2019. We find that, in addition to comparing earnings to consensus earnings estimates, investors appear to compare the earnings surprises to the firm’s past performance and to its peers. Importantly, their expectations regarding future interactions with the firm appear to shape their decisions and generate anticipatory reactions despite a lack of full certainty about the future, a point notably absent from the EVT literature so far, which has tended to be reactive. Numerous robustness checks and post hoc analyses indicate that this behavior is not necessarily driven by unsophisticated investors, as initially predicted, but seemingly by institutional investors who rely on these multiple expectations, even though that may not be entirely rational. Our theorizing and findings make several contributions to the EVT literature and offer practical insights for managers and investors.
 

[bookmark: OLE_LINK14][bookmark: _Hlk157504931]INTRODUCTION
In the third quarter of 2024, two firms that seemed to boast strong performance both experienced stock declines from unhappy investors. Eli Lilly posted revenues of $11.4 billion, a 20% increase over the previous quarter, but saw the value of its shares drop by 10% because investors did not like that the performance came in slightly below analyst estimates (Jagielski, 2024). Roughly a week earlier, Meta saw its stock prices drop by 4%, despite reporting revenue growth and beating analyst expectations for performance. The decline appeared to stem from investors’ concerns that the company might face increased capital expenditures in the future (Deffenbaugh, 2024). 
While the negative reaction from Eli Lilly’s investors seems counter to what one might predict given the circumstances, expectancy violations theory (EVT) (e.g., Burgoon, 1993, 2015) in fact suggests that reactions are driven not by the behaviors themselves but by the comparison of those behaviors to ex ante expectations[footnoteRef:2] (Blagoeva, Kavusan, & Jansen, 2020; Graffin, Haleblian, & Kiley, 2016; Pfarrer, Pollock, & Rindova, 2010). The case of Meta is more perplexing, however, considering that Meta had exceeded analyst expectations for performance (i.e., a positive expectancy violation), and analysts are generally considered to possess better information and knowledge than the average investor (e.g., Clement & Tse, 2005; Paik, Pollock, Boivie, Lange, & Lee, 2022). Hence, one would have anticipated a positive investor reaction, rather than a negative one. By comparing the Meta example to what we know from the extant EVT literature, we see at least two reasons why further research on expectations is warranted. [2:  Although called expectancy violations theory, even Burgoon, its originator, seems to use the terms expectancy and expectations more or less interchangeably. For example, the title of one of her articles we cite is “Interpersonal expectations, expectancy violations, and emotional communication” (Burgoon, 1993; emphasis added), and writes in another that “Expectancy violations theory (EVT; Burgoon, 1993; Burgoon & Jones, 1976) is an interpersonal communication theory that makes the counterintuitive claim that violations of expectations are sometimes preferable to confirmations of expectations,” (Burgoon, 2015, p. 1) and that “Unmet expectations are expectancy violations; met expectations are expectancy confirmations” (2015, p. 3; emphasis in original). We thus refer to the theory as expectancy violations theory and unmet expectations as expectancy violations, but otherwise use the term expectations since that is more common in the macro-organizational literature.] 

[bookmark: OLE_LINK1]First, the Meta example raises the question of why investors would second guess the opinions of professional equity analysts in the first place yet still react negatively when a firm outperforms the expectations set by these arguably well-informed and capable experts (Goldstein, 2024; Paik et al., 2022). Although analysts are not always accurate (Goldstein, 2024; Paik et al., 2022), it remains puzzling why investors—who generally lack the same level of expertise and access to information—would believe they can outperform analysts in their assessment of the firm. We suggest that, because investors are constantly looking for a potential “edge” to spot market mispricing (e.g., Marquering, Nisser, & Valla, 2006), the very fact that even analysts are not always right (Goldstein, 2024; Paik et al., 2022) incentivizes investors to search for alternative ways to set their expectations. This, however, is a challenging task given the numerous determinants of firm behaviors and performance (e.g., Blagoeva et al., 2020; Graffin et al., 2016; Keller, Glaum, Bausch, & Bunz, 2023; Pfarrer et al., 2010), coupled with investors’ own cognitive capacity constraints (e.g., Simon, 1955). We thus propose that, when second-guessing analysts’ estimates, investors rely on heuristics that distill complex judgments into simple decision rules (e.g., Tversky & Kahneman, 1974). 
[bookmark: OLE_LINK3]Second, the Meta example illustrates how stakeholders may have anticipatory reactions to a possible change in a firm’s activity[footnoteRef:3] (e.g., capital expenditure allocation). Such a reaction is yet to be included in the EVT literature because EVT has tended to be retrospective—analyzing behaviors against what was expected to happen (e.g., Burgoon, 1993, 2015). Yet other streams of literature on social interactions suggest that, when interactions are ongoing rather than just one-time occurrences, expectations about subsequent interactions with the actor in question could figure into an individual’s reactions (e.g., Fiske & Taylor, 2013; Snyder & Stukas, 1999). Given that observing behavior not only leads to reactions when expectations are confirmed or violated but may also lead to an updating of those expectations and other beliefs about future interactions with that actor (e.g., Burgoon, 1993, 2005), it seems logical that the updating process may also elicit reactions despite lack of full certainty about the future. We thus argue that, if the observed behavior changes beliefs about what interactions with that actor are likely to be in the future (a concept we label prospective expectations), stakeholders are likely to have anticipatory reactions rather than waiting to react until those expectations are confirmed or violated by behavior later. [3:  We use the terms “behaviors” and “activities” interchangeably when referring to firm actions. While the term “behavior” is commonly used in prior EVT literature, and particularly in micro-level studies, the term “activities” might be more appropriate when discussing organizational actions because it often involves the actions and decisions of numerous individuals.] 

[bookmark: OLE_LINK2]We discuss the role of heuristics and bring in the notion of future-oriented expectations into EVT to examine when and why stakeholders might react to firm behaviors in ways that differ from, or even contradict, what we might expect based on the extant research. We tested our hypotheses using a sample of investor reactions to earnings surprises from 2013 to 2019. We find that, in addition to comparing earnings to consensus earnings estimates, investors appear to both compare the earnings surprises to the firm’s past performance and to its peers and importantly have anticipatory reactions to future firm performance. In numerous robustness checks and post hoc analyses, we also find that these heuristics-based reactions are not necessarily driven by unsophisticated investors, as initially predicted. Instead, it seems to be institutional investors who rely on these heuristics, even though that may not be fully rational.
[bookmark: OLE_LINK36]Our theorizing and findings make two primary contributions to the literature. First, we introduce the concept of expectations about subsequent future interactions (what we call prospective expectations) as a complement to the existing predictive and prescriptive expectations in the EVT literature. We then examine whether these prospective expectations are likely to influence stakeholder reactions. By bringing in prospective expectations into an EVT framework, we explicitly recognize that reactions to interactions are likely to differ depending on whether stakeholders believe those interactions are likely to change in the future. This is notable because both predictive and prescriptive violations are reactive (i.e., in response to a behavior that violates expectations), whilst prospective violations are anticipatory (i.e., in anticipation that their future interactions will be different). By distinguishing between predictive, prescriptive, and prospective expectations, we also answer Burgoon’s (2015: 8) request that “EVT must distinguish which type of expectancy violation it addresses.” Second, we demonstrate that, at least in our context, stakeholders appear to form expectations using simplifying heuristics. Because so many factors can potentially impact the behavior and performance of firms (e.g., Blagoeva et al., 2020; Graffin et al., 2016; Keller et al., 2023; Pfarrer et al., 2010), investors appear to rely on cognitive shortcuts to streamline their decision-making (Tversky & Kahneman, 1974). That the use of these heuristics appear to be driven by institutional investors, as opposed to unsophisticated retail investors, is surprising since these heuristics also do not appear to stem from entirely rational calculations. Additional analyses suggest that, rather than serving to deal with uncertainty from the lack of information when setting expectations, these heuristics function to simplify the situation when there may be an abundance of both potential information and noise. By digging into investor reactions to earnings surprises, we can provide a novel contribution that deepens our understanding of how evaluators in general, and investors specifically, may evaluate critical firm information. Moving beyond prior research that focuses exclusively on the magnitude of earnings surprises (Barron, Byard, & Yu, 2008; Pfarrer et al., 2010) or that compares firm earnings to expectations derived from seasonal random walk models (Bartov, Radhakrishnan, & Krinsky, 2000; Bernard & Thomas, 1990), our study suggests that investors react to earnings surprises in a more nuanced and granular manner. We develop our theory and hypotheses in the next section.
THEORY AND HYPOTHESES
EVT comes from the field of communications and was initially developed to explain how individuals react to violations of personal space during interpersonal communication (Burgoon & Jones, 1976). In its original form, the authors discussed how an individual would form expectations about how close someone would stand to them during interpersonal communication, guided by social norms (e.g., context, relationship, etc.) and knowledge about the person’s prior behavior. If these expectations are violated (e.g., the person stands closer than expected), the reactions would tend to be greater than if the expectations are confirmed. Moreover, the reaction would depend on how the individual feels about that person, such that a person standing closer than expected might be viewed as a negative violation for those the individual finds repulsive, but the same behavior could be viewed as a positive violation if the individual finds the person appealing (Burgoon & Jones, 1976). From these roots, EVT has been extended to explaining reactions to other types of interpersonal behavior (Burgoon, 1993, 2015) and importantly, to the organizational level. Scholars have used EVT to examine stakeholder reactions to firm-level activities such as alliance announcements (Blagoeva et al., 2020; Graffin et al., 2016; Jin, Li, & Hoskisson, 2022), scandals or misconduct (Bundy, Iqbal, & Pfarrer, 2021), and firm performance (Pfarrer et al., 2010)[footnoteRef:4].  [4:  While some have examined broad, behavioral expectations, e.g., that firms should behave in ways that “increases profits” and “enhances shareholder value” (Graffin et al., 2016: 236) or that firms will prioritize dividends versus growth (Blagoeva et al., 2020), Pfarrer and colleagues (2010) have extended EVT into firm performance since, as a firm delivers or announces quarterly earnings, they are also delivering and announcing earnings that may be higher or lower than expected (Pfarrer et al., 2010). This would be akin to a conversation partner standing farther away or closer than expected or using more formal or more informal language than was expected for the conversation (Burgoon, 1993, 2015).] 

At the organizational level, the basic idea of EVT remains consistent: when a stakeholder’s expectation of a firm’s behavior is violated, their reactions tend to be greater than when their expectations are confirmed. When reality turns out better than expected, that is considered a “positive violation,” prompting more favorable reactions than merely meeting expectations. In contrast, when reality turns out worse than expected, that would be considered a “negative violation,” leading to less favorable reactions than if expectations had been met (e.g., Bundy et al., 2021; Graffin et al., 2016; Pfarrer et al., 2010). 
Applying EVT, management research has identified a variety of factors that may impact stakeholder reactions by influencing their expectations. These include generalized norms (Graffin et al., 2016; Pfarrer et al., 2010), communication by the firm (Blagoeva et al., 2020), past behavior (Blagoeva et al., 2020; Graffin et al., 2016), and factors that might capture prior behavior, such as reputations (Bundy et al., 2021; Pfarrer et al., 2010)—i.e., essentially any element that can affect what stakeholders believe about the firm’s likely behavior (i.e., predictive expectations) or normative beliefs about the appropriateness of particular types of behavior (i.e., prescriptive expectations) (Burgoon, 2015). In addition to meeting or violating the predictive and prescriptive expectations suggested by Burgoon (2015; Burgoon & Jones, 1976), however, we suggest that stakeholder reactions to firm activities may also depend on whether their expectations change regarding the nature of subsequent future interactions with the firm, what we call prospective expectations. This type of expectation (and expectancy violation) has previously been overlooked in the prior EVT literature, as the notion of updating expectations and the nature of the actor/stakeholder relationship have not been adequately incorporated into the theorizing.
[bookmark: OLE_LINK39]The EVT literature assumes that any updating of beliefs would only occur after a reaction to the expectancy violation (e.g., Burgoon, 1993, 2015). Violations are assessed along three different factors: 1) its magnitude (that is, the amount or scale of violation), 2) its valence (the direction of the violation, be it positive or negative), and 3) the actor’s appeal (what Burgoon, 2015: p. 3 refers to as “communicator reward valence”). According to the current conceptualization of EVT, reactions to an expectancy violation would be the same for a situation where updating has occurred versus one where it has not, provided the three factors that determine reactions are identical. That is, if each situation involved 1) the same magnitude of violation 2) of the same valence 3) by the same actor, then the stakeholder reaction would not differ, even if the violation led to an updating of expectations in one situation and not in another. We argue, however, that reactions might differ depending on whether there is an update of expectations. Specifically, evaluators may believe that the violation was 1) a one-off behavior that was not likely to repeat in the future (i.e., no updating of expectations), versus 2) an incident that would lead to an enduring change in behavior, thereby prompting a reassessment of what to expect moving forward. In the latter case, a “new normal” will be established that deviates from the past (i.e., an updating of expectations). 
Relatedly, the current version of EVT does not make differential predictions for reactions based on the nature of the relationship, such as the number and frequency of anticipated future interactions. Yet it would be difficult to imagine someone responding the same way to a negative violation by a coworker they dislike that they see only once every six months versus one they see every week. That is, reactions are likely to differ depending on whether one expects only a few more interactions with someone versus repeated interactions for the foreseeable future. As such, the existing theoretical framework falls short in capturing these nuances. 
[bookmark: OLE_LINK43]We suggest that, by introducing prospective expectations, we can more fully incorporate into EVT both the role of updating and the nature of the relationship on observer reactions. We thus define prospective expectations as the current expected value, to the stakeholder, of future interactions with the individual or firm. As such, the violation of prospective expectations is not about a particular instance of behavior, per se, but about how the behavior changes evaluators’ beliefs about the nature of future interactions. Prospective expectations, then, are a function of not only how appealing the actor is, but also of predictive expectations, prescriptive expectations, and the likely number and frequency of future interactions. Any updates to any of these factors would then result in a violation of prospective expectations, triggering an anticipatory reaction. This is because the prospect of future interactions with those one finds appealing is likely to evoke positive anticipation, whereas future interactions with those one finds repulsive, dull, or otherwise unappealing are likely to elicit negative anticipation (e.g., Fiske & Taylor, 2013; Snyder & Stukas, 1999).
Although the extant EVT literature has not explicitly considered prospective expectations or anticipatory reactions, these ideas are a natural extension of its arguments. Burgoon (2015) notes that the interpretive process stakeholders use to make sense of observed behavior entails making attributions about intent, motive, and meaning of the act. In so doing, these attributions may result in an updating of various beliefs, including predictive and/or prescriptive expectations, as well as one’s views about how appealing the actor is, and we contend, the number, frequency, and nature of future interactions with that actor. For example, an appealing individual who engaged in a positive violation may be viewed as even more appealing than before, while the same individual may be viewed as less appealing if they engaged in a major negative violation that was interpreted as intentional. Further, if I think someone stood close to me because they liked me, I may also think that they would try to come see me more frequently than before and even escalate their behavior to stand even closer next time. Our notion of prospective expectations allows us to explicitly incorporate these ideas into EVT and thus be more precise about when and why violations happen and to predict reactions.
We therefore propose that stakeholder reactions to firm behavior depend on the degree to which the behavior violates predictive (what it “would” do), prescriptive (what it “should” do), and prospective expectations (and what it “could” do in the future). A violation of predictive expectations would entail the observed behavior not matching the behavior that was predicted to occur. For example, did an appealing person stand closer than I predicted that they would, or did the firm purchase more goods from me than I predicted? EVT (e.g., Burgoon, 1993, 2015) would suggest that both would be positive violations of my predictive expectations and thus that I am likely to have a more favorable reaction than if the individual or firm had just met my predictive expectations.
A violation of prescriptive expectations would entail the observed behavior not matching normative guidance regarding what is considered appropriate behavior. For example, was the person standing closer than social norms would deem appropriate, or was the firm purchasing goods from me even though it was supposed to have an exclusive supply arrangement with a different supplier? EVT would predict that I would likely view both as negative violations of my prescriptive expectations and thus that I would likely have a more unfavorable reaction than if the individual or firm had just met my prescriptive expectations.
[bookmark: OLE_LINK11]Finally, a violation of prospective expectations would occur if the observed behavior resulted in an updating of the prospective expectation held prior to witnessing the behavior. Specifically, a positive (or negative) prospective expectancy violation would infer an increase (or decrease) in the expected value of future interactions with the individual or firm in question. For example, after observing the behavior, do I now believe that my coworker behaved in a “creepy” manner and that they are going to try to talk to me more often because they like me? Do I believe that the firm's reduced purchase levels are now permanent and thus that future orders will be similarly lower than what I had anticipated before or that they will purchase from me less frequently? In both examples, my prior beliefs about the future were updated by observing the current behavior, such that the expected value of my future interactions with the person or firm have decreased. As negative violations of my prospective expectations, and regardless of the level of predictive or prescriptive violations, these behaviors would lead me to react more unfavorably than if the observed behavior did not lead to an updating of my prospective expectations. The following general formulas provide another way of displaying our proposed ideas:
(1) Reactiont = b1 Violations of predictive expectationst + b2 Violations of prescriptive expectationst + b3 Violations of prospective expectationst + Other factorst + et
(2) Violation of Predictive expectationt = Observed behaviort – Predictive expectationt
(3) Violation of Prescriptive expectationt = Observed behaviort – Prescriptive expectationt
(4) Violation of Prospective expectationt = Prospective expectationt – Prospective expectationt-1
(5) Prospective expectationt = ƒ(Prospective expectationt-1, Observed behaviort)
Where Reactiont is the stakeholder reaction at time t; Predictive expectationt is how the stakeholder thought the firm would behave in time t; Prescriptive expectationt is how the stakeholder thought the firm should behave in time t from a normative standpoint; Prospective expectationt is the expected value of subsequent future firm behaviors (i.e., how the firm could behave in the future) at time t; b1, b2, and b3 are behavioral coefficients in reaction to violations of expectations; Other factorst refer to factors other than violation of expectations that might impact reactions and thus need to be controlled for; and et is an error term. 
[bookmark: OLE_LINK37]Sometimes, the observed behavior in a particular instance may not alter prospective expectations (e.g., if the observed behavior was viewed as a one-off behavior that was not informative of future interactions). In those situations, the reactions would be equivalent to what we would be familiar with from the standard EVT model—driven by violations of predictive expectations, violations of prescriptive expectations, and other specified factors. We now turn to our context and discuss how expectations specifically relate to firm earnings announcements and then develop specific hypotheses.
Firm Earnings Announcements and Expectations
One particular firm activity that has been examined through an EVT lens is a firm’s announcement of its quarterly earnings (e.g., Pfarrer et al., 2010). Investors and analysts eagerly await quarterly earnings news because earnings are considered one of the “fundamentals” that capture a firm’s underlying value (Barth & Clinch, 2009; Francis & Schipper, 1999; Ohlson, 1995). At the same time, earnings are evaluated by both analysts and investors based on how they compare to consensus analyst estimates.
Equity analysts calculate earnings estimates based on their knowledge and expertise. Analysts’ career prospects depend on being accurate, since they are rewarded for the accuracy of their forecasts and punished for inaccurate forecasts (Paik et al., 2022). They thus arguably represent the best available information and knowledge about a firm’s likely short-term performance, and earnings estimates are widely disseminated, including through such services as I/B/E/S (or popular websites such as Yahoo Finance). Because individual analysts’ earnings estimates may vary from one another, the consensus analyst estimate represents the “best educated guess” across analysts about a firm’s likely earnings for a given quarter. As a result, it often acts as investors’ predictive expectation regarding firm earnings (e.g., Gentry & Shen, 2013; Petrenko, Aime, Recendes, & Chandler, 2019). In this context, EVT would predict that investors typically react favorably when firms’ earnings exceed these predictive expectations (i.e., a positive earnings surprise) than when earnings targets are just met. Conversely, when firms’ earnings fall short of these predictive expectations (i.e., a negative earnings surprise), investors tend to react more negatively than if consensus earnings targets had been met (e.g., Bartov, Givoly, & Hayn, 2002; Kinney, Burgstahler, & Martin, 2002; Pfarrer et al., 2010). Based on these ideas, we start with the following baseline hypothesis.
Baseline Hypothesis. Investors will use consensus earnings estimates as a predictive expectation, such that they will react more positively (negatively) when the current earnings exceed (are below) the predictive expectations than when earnings meet predictive expectations. 

Earnings Surprises and Heuristics
[bookmark: OLE_LINK15]While earnings surprises represent expectancy violations relative to a predictive expectation, it is not just predictive expectations, but also prescriptive and prospective expectations, that are likely to impact stakeholder reactions to firm behaviors. Analysts in general have been remarkably accurate in their estimates (Goldstein, 2024), especially considering they are making predictions about future firm performance. At the same time, however, this does not mean they are always accurate in their estimates (Clement & Tse, 2005; Paik et al., 2022); their estimates may sometimes differ from actual earnings by a large amount (e.g., Goldstein, 2024). The fact that analysts are not always accurate incentivizes investors to seek opportunities to capitalize on market mispricing (e.g., Marquering et al., 2006), prompting them to rely on other criteria in judging a firm’s performance. As prescriptive expectations refer to expectations about what a firm “should” do (e.g., Burgoon, 2015), they thus deal with the degree to which a firm’s activities match or violate various types of normative expectations. In the context of earnings, this would entail investors trying to determine the level of earnings the firm should achieve, rather than what it was predicted to achieve or the actual level of earnings it did achieve. 
Earnings, or any type of firm performance, depend on a wide range of factors, including firm and industry characteristics, macroeconomic conditions, and various unexplained factors (e.g., Keller et al., 2023). The complex interplay of these factors makes it challenging to form expectations about firm behavior. Complicating this further is the fact that earnings are generally reported relative to the number of shares outstanding, and firms may differ greatly in the number of shares they have issued. We argue that due to these complexities and to reduce the burden on their limited attention and cognitive capacity (Simon, 1955), investors are likely to use simplifying heuristics (e.g., Tversky & Kahneman, 1974) rather than develop fine-grained prescriptive expectations based on complex formulas and numerous factors.
As a first step, because consensus earnings estimates not only set predictive expectations for investors (Petrenko et al., 2019) but also act as a performance target for managers (Gentry & Shen, 2013), investors might use performance relative to those estimates (i.e., earnings surprises) to transform idiosyncratic firm performance into seemingly standardized and comparable performance indicators (e.g., Espeland & Stevens, 1998). This may be especially the case since earnings estimates already consider a range of factors that may differ across firms and across time (e.g., Paik et al., 2022). Doing so results in “transformation of different qualities into a common metric” (Espeland & Stevens, 1998: 314), which “reduces the amount of information people have to process” (p. 316). We further suggest that investors are then likely to use two different types of heuristics to evaluate how a firm’s earnings surprises compare to their prescriptive expectations.
Past Performance and Peer Comparison as Prescriptive Expectations
Prior research in a variety of traditions has suggested that both managers and those evaluating their performance (e.g., directors, investors) may use referents when evaluating performance (e.g., Cyert & March, 1963; Mishina, Dykes, Block, & Pollock, 2010). Cyert and March (1963), for example, noted that organizations have internal aspirations that are a function of past performance, as well as the performance of comparable firms along that same dimension. They argue that, “[i]n the steady state, aspiration level exceeds achievement by a small amount,” and that the current aspirations tend to be “an optimistic extrapolation of past achievement and past aspirations” (p. 39). Supporting these notions, research has found that not only are aspirations adjusted with performance feedback, but they are also adjusted with an optimistic bias (Lant, 1992), such that what was strong performance at one period soon becomes the baseline against which subsequent performance is evaluated. Others have drawn on and extended these ideas to argue that it is not just internal aspirations that are determined by these factors and biased by optimism, but also that expectations of external stakeholders might also be similarly optimistic (Mishina et al., 2010). 
[bookmark: OLE_LINK16]Indeed, the idea that expectations are not static is common to numerous literatures. Research on both individuals (e.g., Merton, 1968) and organizations (e.g., Rhee & Haunschild, 2006; Wade, Porac, Pollock, & Graffin, 2006) has noted that strong performance not only leads to a variety of rewards but also to greater expectations such that, with every accomplishment, “[m]ore and more is expected of them” (Merton, 1968: 57), creating “a higher ‘expectational hurdle’ to meet in order to be valued positively by the market” (Wade et al., 2006: 656). This implies that, after a period of strong performance, expectations tend to shift toward even higher future performance. Hence, the belief that performance is only “acceptable” when it meets or exceeds prior performance is likely to be part of the normative beliefs of most individuals, including investors.
[bookmark: OLE_LINK17][bookmark: OLE_LINK4]If, as we argued above, investors use earnings surprises as a performance metric that may allow them to compare firm performance across time, they may compare that earnings surprise with recent past performance as a heuristic to determine if the firm’s earnings meet their prescriptive expectations. As a result, even if the firm’s quarterly earnings exceeded consensus earnings estimates (i.e., a positive earnings surprise), investors may still be disappointed if the earnings surprise is below what they expected from a comparison with past performance. We thus suggest,
Hypothesis 1 (H1). When the current earnings surprise falls short of the prescriptive expectation (based on past performance), investors will react more negatively than if the current earnings surprise meets or exceeds the prescriptive expectation based on past performance.

[bookmark: OLE_LINK6]Besides past performance, prior literature also suggests that performance is likely to be compared to the performance of “other ‘comparable’ organizations” (Cyert & March, 1963: 162). In this regard, industry peers often serve as an effective reference frame for external stakeholders, due to similar organizational forms, operations, and products or services (e.g., Mishina et al., 2010; Porac, Thomas, Wilson, Paton, & Kanfer, 1995). Hence, the performance of peers—that the firm should meet or beat the performance of its peers—is likely to act as another prescriptive expectation. By comparing the focal firm’s earnings surprise against those of its industry peers, investors may follow a heuristic of peer comparisons to try to determine if the firm’s performance is above or below what should be possible in the industry (e.g., Jenter & Kaanan, 2015; Mishina et al., 2010). Thus,
Hypothesis 2 (H2). When the current earnings surprise falls short of the prescriptive expectation (based on peer comparison), investors will react more negatively than if the current earnings surprise meets or exceeds the prescriptive expectation based on peer comparison.

Prospective Expectations
[bookmark: OLE_LINK18]As mentioned earlier, investors are not only likely to react based on how a firm’s performance compares to predictive and prescriptive expectations but also based on how the observed performance might alter their beliefs about the expected value they might receive from their subsequent interactions with the firm—i.e., what a firm “could” do for the investor in the future. In this regard, investors will update their prospective expectations whenever the current information leads them to believe their existing prospective expectation is no longer accurate. A positive or negative violation may occur in this case, depending on the direction of the update. Notably, because prospective expectations are about the expected value of future interactions, they capture investors’ expectation of the firm’s future from that point onward, in general, rather than pertaining to any specific period. In the earnings announcement context, when anticipating the future, investors are likely to react differently depending on whether they believe that the violation is an aberration or if they believe that their expectations require updating because (a) they had misjudged the firm’s behavioral tendencies, or there have been changes to (b) the firm, (c) their relationship with the firm, and/or (d) their needs or requirements.
Even when there are violations to predictive expectations, this does not always mean that those predictive expectations were incorrect estimates of the firm’s performance. A variety of situational characteristics (e.g., Bundy et al., 2021) may explain why a firm might have behaved differently than expected. Indeed, Burgoon (2015) notes that, when a violation occurs, individuals try to make sense of it by making attributions about motive, intentionality, and meaning of the action. In the context of earnings surprises, this may entail trying to determine if the surprise was due to systematic misjudgments about the firm and its capabilities (whether too high or too low) or due to one-time factors that are not under the firm’s control, since roughly half of the variance in firm performance is based on unexplained factors (Keller et al., 2023). If the earnings surprise is attributed to misjudgment about the firm, or to changes in the firm, their relationship to the firm, and/or their requirements for the firm, then investors are likely to update their beliefs about expected value of their relationship with the firm going into the future (e.g., Burgoon, 2015)—i.e., their prospective expectations. This updating will result in a violation of prospective expectations, which will likely result in an anticipatory reaction that reflects whether investors believe that future interactions with the firm will now be more or less rewarding than they were previously. Conversely, if the earnings surprise is attributed to one-time factors, then investors are not likely to update or adjust expectations. No additional anticipatory reaction will take place, since no violation of prospective expectations has occurred. 
Hypothesis 3 (H3). Investors are more likely to react negatively when they experience a negative prospective expectancy violation—i.e., they believe that the firm’s future earnings will be lower—than if their prospective expectations remain unchanged or if they experience a positive prospective expectancy violation.

DATA AND METHODS
Sample
Our sample comprises Standard & Poor’s (S&P) 500 firms from 2013 to 2019. The sample was restricted to firms with fiscal years ending on December 31st to avoid issues arising from different fiscal year-ends (Wade et al., 2006). To construct our sample, we first collected data on earnings surprises. Utilizing our sample frame, we downloaded data on analysts’ quarterly earnings per share estimates at the individual analyst level, from the I/B/E/S detailed earnings estimate history file. To mitigate biases from analysts revising estimates due to information leakage prior to announcements, we excluded forecasts made within five days of the quarterly earnings report (Cooper, Day, & Lewis, 2001). We then retained the estimate closest to the actual earnings announcement for each analyst and omitted firm-quarters with fewer than five analyst estimates to ensure meaningful measures for earnings surprises and controls such as estimate dispersion. The earnings estimates were winsorized at the 1% and 99% levels to limit the impact of extreme values and were aggregated at the firm level. We then merged earnings estimate data with cumulative abnormal adjusted returns collected from the EVENTUS program provided by Compustat, as well as firm features from CRSP, I/B/E/S, Compustat, Audit Analytics, and Thomson Reuters Institutional (13F) Holdings, to create the final sample. After excluding observations with missing values, our final sample comprises 4,752 firm-quarters. 
Dependent Variable
We used the cumulative abnormal return (CAR) over the three-day (-1, +1) period surrounding the earnings announcement to capture investor reactions to earnings surprises. This three-day window has been adopted by previous research and validated as appropriate for capturing effects of information leakage and slow responses (Pfarrer et al., 2010; Zhang & Wiersema, 2009). We calculated the excess returns using the Fama-French plus momentum model provided by the EVENTUS program, accessible through Wharton Research Data Services. The estimation window spanned from 255 days to 46 days prior to the event (i.e., the earnings announcement) (Pfarrer et al., 2010; Wade et al., 2006). Compared with other risk models such as the market-adjusted model, the Fama-French plus momentum model explicitly accounts for multiple sources of risk and return, and thus offers a more nuanced measure of abnormal returns. In EVENTUS, the Fama-French plus momentum model calculates abnormal returns relative to the Carhart four-factor framework. This approach builds on the original Fama-French three-factor model that includes market risk, size, and value as sources of risk that determine expected returns (Fama & French, 1993), by adding a momentum factor (Carhart, 1997). Specifically, the momentum factor is derived by subtracting the equal-weighted average return of the highest-performing firms from that of the lowest-performing firms, lagged by one month. Incorporating this factor captures the tendency of a stock to continue moving in the same direction as its previous performance. The abnormal return is then aggregated over the event window to arrive at CAR.
Independent Variables
Following our theorizing, our independent variables are violations of the various expectations measured using earnings surprises. In line with prior research, we calculated earnings surprises as the percentage difference between a firm’s actual quarterly earnings and the mean analyst estimates for that quarter (Kinney et al., 2002; Matsunaga & Park, 2001; Pfarrer et al., 2010), subject to the constraints and adjustments previously mentioned about how we collected the sample. We rounded actual earnings and average forecasts to two decimal places to recognize difference above 1 cent only. The earnings surprises were then computed using the formula below, where i denotes the specific firm and t denotes the financial quarter: 
Earnings surprisesit = (Actual earningsit – Average earnings estimatesit)/Average earnings estimatesit
[bookmark: OLE_LINK52][bookmark: OLE_LINK53]Predictive expectancy violation. Earnings surprises vary in magnitudes. While minor deviations from consensus estimates may not be considered as true “surprises” because they nearly align with expectations, material surprises—those that substantially deviate from consensus—tend to have a stronger impact on investors due to their salience and rarity (Barron et al., 2008; Jin, 2006). Since our interest lies in violations of stakeholders’ expectations, we used these material earnings surprises as our measure of predictive expectancy violations. Building on prior research showing that investors tend to respond more strongly to positive than to negative surprises (e.g., Easterwood & Nutt, 1999; Pinello, 2008), we differentiated material positive surprises from material negative surprises by constructing two separate variables. Consistent with prior research, we defined material surprises as the top quartiles of positive and negative surprises within a given industry-year-quarter (e.g., Jin, 2006; Pfarrer et al., 2010). In line with the commonly adopted approach of specifying industries in management research, we categorized the industry using the first two digits of the SIC codes collected from Compustat (Mishina et al., 2010; Wade et al., 2006; Wei & Zhang, 2023). We employed spline specifications: the material positive (negative) surprise variable equals the magnitude of the surprise when a firm experiences a material positive (negative) surprise, and zero otherwise. Hence non-material surprises were treated as meeting predictive expectations and thus set to 0.
Prescriptive expectancy violation (past performance). In Hypothesis 1, we argued that prescriptive expectations can stem from a firm’s past performance. Hence, for each firm-year-quarter, we obtained the firm’s earnings surprise from the previous quarter. Based on our argument that investors often rely on heuristics—simple decision rules—for evaluating performance, we coded the prescriptive expectancy violation (past performance) measure as 1 if the current quarter’s earnings surprise was lower than the previous quarter’s earnings surprise, and 0 otherwise. In the robustness checks, we elaborate on the rationale for our measure and present additional analyses using continuous measures. 
[bookmark: OLE_LINK20]Prescriptive expectancy violation (peer comparison). To test Hypothesis 2, we measured prescriptive expectancy violation (peer comparison) using an indicator variable that equals 1 when a firm’s earnings surprise falls below the current industry average earnings surprise, excluding the focal firm. This variable captures the firm’s performance relative to a prescriptive expectation of industry peer comparison and reflect investors’ reliance on heuristics in their judgments. As with the prescriptive expectancy violation (past performance) measure, we present results using a continuous specification in the robustness checks.
[bookmark: OLE_LINK24]Prospective expectancy violations. Prospective expectations concern evaluators’ beliefs regarding the nature of their future interactions with the focal firm. Given that this is a new concept we are introducing into the literature, there is no agreed-upon measure. However, prior research identifies Tobin’s Q as a widely used proxy for investor sentiment regarding a firm’s future performance. Compared to other performance metrics, Tobin’s Q is inherently forward-looking, capturing market-based expectations about growth and long-term prospects (Chung & Pruitt, 1994; Lang, Stulz, & Walkling, 1989; Jayachandran, Kalaignanam, & Eilert, 2013; Wulf, 2009). A Tobin’s Q value greater than 1 suggests strong growth expectations, as the market values the firm’s assets above their replacement cost. Conversely, a Q below 1 indicates weaker future prospects (Tobin, 1969). Following prior research (Chung & Pruitt, 1994; Jayachandran et al., 2013; Kim & Bettis, 2014), we estimated Tobin’s Q using the market value of the firm divided by its total assets, with data from Compustat. Specifically, market value was calculated with the sum of the values of common stock, preferred stock, the long-term debt, and short-term debt with a maturity of less than one year. 
[bookmark: OLE_LINK45][bookmark: OLE_LINK46]To capture prospective expectancy violation (i.e., a change or update of prospective expectations), we measured the percentage change in Tobin’s Q in the days leading up to the earnings announcement using the (-7, -1) window. We chose to begin the window seven days before the announcement to establish a relevant baseline, while avoiding a longer period that might capture unrelated corporate events influencing investor sentiment. We concluded the window one day before the announcement. Specifying the window this way allows us to capture changes in investor sentiment close to the earnings announcement, potentially including any anticipatory reactions that could be attributed to information leakage about the upcoming earnings, while still isolating updates in prospective expectations before the official announcement rather than reactions to the official earnings announcement itself. The percentage change was calculated as the difference between the Tobin’s Q at the end and the beginning of the window, divided by the Q value at the beginning. 
Control Variables
[bookmark: OLE_LINK40]Firm performance. We controlled for firm performance with return on assets using the values from the previous quarter, which reflects the efficiency with which firms’ resources are managed (Rhee & Fiss, 2014; Karolyi, Ruchti, & Truong, 2024).
[bookmark: OLE_LINK42]High reputation. Prior research suggests that firm reputation can influence investors’ reactions to earnings surprises (e.g., Pfarrer et al., 2010). To account for this, we controlled for high firm reputation. We constructed the high reputation measure by first assigning a value of 1 to firms that appeared in the top 25 of Fortune’s “Most Admired Companies” list in the last three years. Following prior firm reputation literature (Haleblian, Pfarrer, & Kiley, 2017), we then applied a decay rate of 1/n to the indicators, where n is the number of years since the firm received the high-reputation rankings, and did not begin the decay until the firm was no longer classified as high reputation. For example, if a firm was classified as high reputation in either list in the last year, it receives a score of 1 for the year; if it was classified as high reputation two years ago, it receives a score of 1/2 for the year. However, if the firm was among the top 25 in either ranking for the last two consecutive years, it receives a score of 2, as the decay does not apply. We then used the sum of scores over the last three years as the measure for high reputation. 
Institutional investor ownership. Recognizing that investors may adopt different approaches in forming their expectations, we distinguished between sophisticated and unsophisticated investors. We controlled for firms’ institutional investor ownership using the percentage of shares held by institutional investors, collected from Thomson Reuters Institutional (13F) Holdings (Hotchkiss & Strickland, 2003). This measure was winsorized at the 1% and 99% levels to limit the impact of extreme values. 
Managerial guidance. We accounted for whether firms provided managerial guidance on earnings per share for the focal quarter, as such guidance can influence both analysts’ estimates and investor responses (e.g., Veenman & Verwijmeren, 2022). To capture this, we created a dichotomous variable, coded as 1 if the firm issued managerial guidance and 0 otherwise. Data for this variable were obtained from I/B/E/S.
Analyst coverage. We controlled for the effect of the number of analysts covering each firm each quarter, given its potential impact on the firm’s decision to announce earnings surprises, on the precision of mean forecasts, and on investors’ reactions (e.g., Abarbanell, Lanen, & Verrecchia, 1995). This variable is log-transformed due to skewness.
Estimate dispersion. We accounted for uncertainty about firm information by controlling for earnings estimate dispersion, measured by the standard deviation of security analysts’ estimates on earnings per share (e.g., Barron & Stuerke,1998; Busenbark, Lange, & Certo, 2017). To address the skewness of this measure and limit the influence of extreme values, we applied a log transformation and winsorized the data at the 1% and 99% levels.
Financial restatements. We also controlled for the number of financial restatements—both positive and negative—the focal firm has had over the last three years, using data from Audit Analytics (e.g., Lobo & Zhao, 2013).
Estimation Model
As our theorizing examining how multiple expectations impact investor responses applies to both between-firm and within-firm comparisons, we chose random effects models in our analyses (Certo, Withers, & Semadeni, 2017). In all models, we specified robust standard errors to mitigate potential concerns associated with heteroskedasticity (White, 1980). In Stata SE 19.5, we used the “xtreg, re vce(robust)” command to run the models. 
RESULTS
Table 1 presents the descriptive statistics and correlations for all variables. The correlations amongst the variables are moderate. The maximum value for condition numbers is below 30 across models—the widely accepted threshold for indicating multicollinearity issues (Belsley, 1991). Table 2 presents the results of random effect models. Model 1 is the baseline model, including only control variables. Models 2 through 5 sequentially introduce the main variables of interest in a stepwise manner. Model 6 is the saturated model including all variables. We interpret effect size based on the statistically significant results from our models.
--------------------------------------------------------
Insert Tables 1 and 2 about here
--------------------------------------------------------

[bookmark: OLE_LINK21]In Model 1, the control variables do not exhibit a statistically significant influence on investor reactions. This may be because we used the Fama-French plus momentum model to calculate cumulative abnormal returns, which defines returns as abnormal only after accounting for multiple risk factors and the momentum factor. We now turn to Models 2 through 6 to discuss our hypothesis testing results. First, consistent with EVT predictions, we found supportive evidence for our baseline hypothesis. The positive violation of predictive expectations (measured by positive material earnings surprises) leads to more favorable investor reactions ( = 0.00, p < 0.01 in Model 2;  = 0.00, p < 0.05 in Model 6). When a firm experiences a material positive surprise in a given quarter, a one standard deviation increase in the magnitude of the surprise is associated with an approximate 0.47 percentage point increase in CAR on average, based on Model 2 results, and a 0.28 percentage point increase in the fully saturated model[footnoteRef:5]. In a similar vein, negative violation of predictive expectations (measured by negative material earnings surprises) leads to more negative investor reactions ( = - 0.00, p < 0.05 in Model 2). When a firm experiences a material negative surprise in a given quarter, a one standard deviation increase in the magnitude of the surprise is associated with an average 0.26 percentage point decrease in CAR based on Model 2 results. These findings align with prior research indicating that investors typically react more strongly to positive surprises than to negative ones (e.g., Easterwood & Nutt, 1999; Pinello, 2008). [5:  In our regression table and text, we reported coefficients rounded to two decimal places. However, when calculating effect size, we used the raw coefficient values, as some coefficients have non-zero values at or beyond the third decimal place. This difference in rounding may result in some discrepancies in the reported effect sizes between the stepwise and full models.] 

[bookmark: OLE_LINK38]For Hypothesis 1, we predicted that if the current earnings surprise falls short of the prescriptive expectation based on the firm’s past performance, investors would react more negatively to the earnings announcement. In both the stepwise and full models, we found supportive evidence for this hypothesis. Our measure capturing negative violations of prescriptive expectation based on past performance exhibited a negative and statistically significant effect on investor reactions ( = - 0.02, p < 0.001 in Model 3;  = - 0.02, p < 0.001 in Model 6). Specifically, when a firm’s earnings surprise falls below that of the previous quarter, compared to cases where it meets or exceeds the prior quarter’s surprise, it is associated with an average 2.19 percentage point decrease in CAR based on Model 3 results, and an average 1.77 percentage point decrease in the full model. 
The results similarly supported Hypothesis 2. Our measure for negative violations of prescriptive expectation based on peer comparisons showed a negative and statistically significant impact on investor reactions ( = - 0.02, p < 0.001 in Model 4;  = - 0.02, p < 0.001 in Model 6). This indicates that when a firm’s earnings surprise falls below the industry average, compared to cases where it meets or exceeds the industry average, it is associated with an average 2.14 percentage point decrease in CAR based on Model 4 results, and an average 1.64 percentage point decrease in the full model.
[bookmark: OLE_LINK47]Hypothesis 3 predicted that negative prospective expectancy violations would elicit more negative investor reactions, and vice versa. We tested this using percentage changes in Tobin’s Q as our measure, where a positive value reflects an upward update in investors’ prospective expectations as the earnings announcement approaches. The results provided support for the hypothesis. In both Model 5 and Model 6, a positive (negative) change in Tobin’s Q is significantly associated with a more positive (negative) investor response ( = 0.21, p < 0.001 in Model 5;  = 0.20, p < 0.001 in Model 6). These results indicate that a one standard deviation increase in Tobin’s Q change is associated with an average increase of 0.54 percentage point in CAR based on Model 5 results, and 0.51 percentage point in the fully specified model. In summary, our main analysis provided support for all hypotheses. We next turn to a series of additional tests to examine the robustness of our results. 
Robustness Checks
Following our main analysis, we conducted several additional checks, including tests addressing endogeneity and potential confounding variables, with alternative samples and with alternative variable specifications[footnoteRef:6]. These checks provide largely consistent results. [6:  Full results are available upon request.] 

[bookmark: OLE_LINK49][bookmark: OLE_LINK54]Endogeneity concerns and confounding variables. We assess the robustness of the causal inferences drawn from our analysis, specifically examining whether our results are biased by uncontrolled confounding variables (i.e., omitted variable bias). We used the “konfound, sig (0.10)” command in Stata to estimate the Impact Threshold for a Confounding Variable (ITCV), which assesses how strong an unmeasured confounder would need to be to invalidate our causal inference at the 10% significance level (Xu, Frank, Maroulis, & Rosenberg, 2019; Busenbark, Frank, Maroulis, Xu, & Lin, 2021; Busenbark, Yoon, Gamache, & Withers, 2022). We calculated test statistics by multiplying the partial correlations between the control and both the independent and dependent variables, and compared the square root of this product to the ITCV value (Busenbark et al., 2022)[footnoteRef:7]. Table A1 in Appendix A reports the control variables with high correlations, their partial correlations, the test statistics, and the corresponding ITCV values for each hypothesis-testing model. In all models, test statistics fall below the ITCV thresholds, suggesting that the casual inferences are not likely to be biased by potential omitted variables. [7:  A more conservative, although less precise, approach to constructing test statistics is to use zero-order correlations instead of partial correlations (Busenbark et al., 2021). Applying this alternative method, we reached the same conclusion: all test statistics remain below the ITCV values, indicating no presence of omitted variable bias.] 

We also employed alternative models and alternative variable lists. Although we believe that the random effects model is more appropriate to test our hypotheses, as it captures between- as well as within-firm variations, we also tested fixed-effects models with both firm and year fixed effects and found results consistent with our main analysis, with similar significance levels. In our main analysis, we excluded firm size as a control variable due to its high correlation with the high reputation measure (=0.55). Our results remain the same when firm size measured by total assets is included as a control in all models.
Alternative sample. In this test, we excluded observations with potential confounding events around earnings announcements. We first compiled a list of these events and then reviewed firm press releases available from PR Newswire and Business Wire collected from Factiva (see Table A2 in Appendix A for the specific list of events) (Graffin et al., 2016). We examined multiple time windows (i.e., 7, 3, and 1 day prior to the announcement) to capture any lingering effects of these events. Because firms and managers may also use these events to explain or obfuscate earnings results (e.g., Graffin et al., 2016; Jin et al., 2022), we only excluded observations when the press releases did not reference earnings-related keywords. Results remained robust across all windows, consistently supporting our hypotheses. 
[bookmark: OLE_LINK58][bookmark: OLE_LINK29]Alternative variable specification. Finally, we examined whether our results are impacted by how we specified main variables of interest. First, we reran our main analyses using alternative CAR measures based on the market-adjusted model (e.g., Pfarrer et al., 2010; Wade et al., 2006) and the Fama-French three-factor model (Fama & French, 1993), applying the same inputs. Results remained consistent across both specifications. 
[bookmark: OLE_LINK55][bookmark: OLE_LINK50]Second, we considered continuous measures of prescriptive expectancy violations. In the main analysis, we used binary indicators for falling below past and peer performance since the dichotomized measures better reflect our theorizing about investor reliance on heuristics as a simplified way to evaluate earnings and continuous measures introduced multicollinearity—both absolute and percentage difference measures are highly correlated with other variables (see Table A3 in the Appendix A). Given this, we retained the variance in predictive expectancy violations, considering earnings surprises were the basis for the construction of other variables and its effect was a baseline hypothesis. Nevertheless, to address concerns about variance loss from dichotomization, we reran our models using continuous absolute and percentage differences for each type of prescriptive expectancy violation—introducing one at a time while dichotomizing the predictive expectation violation and the other type. To reduce the influence of outliers, we winsorized at the 1% and 99% levels. Results remained consistent in significance and direction. We also tested using binary indicators for negative prospective expectancy violations, which again supported all hypotheses. Together, these results confirm the robustness of our results across both continuous and binary specifications.
Third, we considered alternative measures to prospective expectancy violations, a novel construct introduced in this study for which no validated measures currently exist. While price-to-earnings (P/E) ratio has also been used as a forward-looking indicator of investor sentiment (e.g., Penman, 1996), it introduces more missing observations (4,266 vs. 4,752 for Tobin’s Q) and raises multicollinearity concerns[footnoteRef:8]. Nevertheless, we report results using P/E ratio as an alternative measure to Tobin’s Q in our main analysis, calculated as the percentage change over the (-7, -1) window. Hypothesis 3 remained supported with this specification, although with a lower level of significance ( = 0.05, p < 0.10 in the stepwise model;  =0.05, p < 0.05 in the full model). We also tested alternative windows (-14, -1), used absolute instead of percentage changes, and isolated the unique variance in these two prospective expectation measures by regressing them on all control variables and obtaining the residuals. Across these alternative specifications, we consistently found evidence supporting Hypothesis 3 in most tests, except when using the absolute change in P/E ratio, the effect of which became nonsignificant.  [8:  The condition number in the full model exceeds 30, indicating possible multicollinearity.] 

Post Hoc Analyses
Building on this argument and our hypothesis tests, we conducted several post-hoc analyses to explore the conditions under which investors are more likely to use the heuristics proposed in our hypotheses to compare earnings results relative to their multiple expectations. 
Uncertainty in predictive expectations and the use of heuristics. Analysts often do not fully agree, and their disagreement may be greater (what is referred to as estimate dispersion) when there is a lot of uncertainty or risk surrounding the firm (e.g., Ajinkya & Gift, 1985; Barron & Stuerke, 1998), when information is interpreted differently (e.g., Anderson, Ghysels, & Juergens, 2005; Atmaz & Basak, 2018; Diether, Malloy, & Scherbina, 2002), or when analysts have differential access to information (Ajinkya, Atiase, & Gift, 1991). In these instances, the consensus estimate may be less informative as a predictive expectation than in situations when there is much more agreement about how the firm is likely to perform. Consequently, investors may place greater reliance on heuristics. We interacted earnings estimate dispersion with prescriptive expectancy violation measures to test if this might be the case, but did not observe any significant effects, suggesting that uncertainty about predictive expectations does not meaningfully alter investors’ reliance on heuristics in our case.
[bookmark: OLE_LINK30][bookmark: OLE_LINK56][bookmark: OLE_LINK32]Heuristics and unsophisticated investors. Given that heuristics are simple decision rules (e.g., Tversky & Kahneman, 1974) to deal with attention and cognitive capacity constraints (Simon, 1955), their use may also depend on the nature of the investor pool. In particular, the literature has distinguished between sophisticated institutional investors and unsophisticated retail investors who do not have access to the same amount of information or possess the same expertise (Bartov et al., 2000). While unsophisticated investors may struggle to develop fine-grained prescriptive expectations, sophisticated institutional investors may not need to use earnings surprises to simplify things, even bypassing them, by relying on a more advanced approach such as the seasonal random walk model (Bartov et al., 2000; Bernard & Thomas, 1990). We would therefore expect that sophisticated investors would reduce the use of the above heuristics. Stated differently, the greater proportion of investors who are unsophisticated, the greater their use of the heuristics, thereby amplifying the impact of both types of prescriptive expectations on investor reactions. We explored this possibility by interacting institutional investor ownership (as defined in our main analysis) with our measures for prescriptive expectancy violations. The interaction terms were not statistically significant, however. 
[bookmark: OLE_LINK31]To further investigate, we examined whether the effects of prescriptive expectancy violations on CAR vary across different time windows. Building upon finance research that suggest institutional investors, due to their superior access to information and sophistication, might react to earnings results immediately or even before the official announcements, we argue that CAR from day -1 to day 0 around earnings announcements is primarily driven by sophisticated investors (Hotchkiss & Strickland, 2003). In contrast, because unsophisticated investors typically follow firm announcements and market trends, we use the CAR window from day 1 to 3 post-announcement to capture their reactions. The results showed that the heuristics continued to affect both sophisticated and unsophisticated investors’ reactions. Negative prescriptive expectancy violations lead to more negative investor reactions in both windows. 
[bookmark: OLE_LINK33]The question then arose: why do sophisticated investors, despite their expertise, also rely on these heuristics? To explore this, we conducted a follow-up analysis considering the investment portfolios of institutional investors. As the investment portfolios expand (i.e., they are invested in more firms), even these sophisticated investors face constraints in attention and cognitive capacity. First, we calculated the portfolio size of each institutional investor by counting the number of firms they held shares in for each quarter. We then took these counts and then averaged them at the firm-year-quarter level for each firm to derive the average portfolio size of any given firm’s institutional investors for each firm-year-quarter[footnoteRef:9]. We log-transformed this variable to address its skewness and then interacted it with our measures of prescriptive expectancy violations. The interaction between prescriptive expectancy violation based on peer comparison and average institutional investor’s portfolio size was negative and significant ( = - 0.02, p < 0.01). Figure A1 in Appendix A demonstrates this result using the conditional marginal effect plot. As the average portfolio size grows, institutional investors increasingly rely on the peer comparison heuristic—responding more negatively when a firm’s earnings surprise falls below that of its industry peers. [9:  As demonstrated, this variable reflects how many firms an average institutional investor of the focal firm invests in, rather than the number of institutional investors the focal firm has. For example, subtracting one from this number indicates how many additional firms, other than the focal firm, the average institutional investor also holds equity in. ] 

[bookmark: OLE_LINK34][bookmark: OLE_LINK57]Is heuristic usage “rational?” Finally, we conducted several analyses to determine whether we were merely capturing rational behavior that reflect investors noticing changes to the underlying “true” value of the firm (Penman, 2013) or something distinct about heuristic-based decision-making. Prior research has suggested that earnings have time-series properties, where they may be predictive of subsequent earnings (Bernard & Thomas, 1990). Hence, we reconstructed our measures for prescriptive expectancy violations using earnings rather than earnings surprises and re-ran the analysis. The results showed that prescriptive expectancy violations based on past actual earnings continued to have a negative and statistically significant impact on investor reactions ( = - 0.01, p < 0.001). However, prescriptive expectancy violations based on peer comparison had a weaker effect in the stepwise model ( = - 0.00, p < 0.10) and became nonsignificant in the full model. These weaker effects suggest that investors appear to favor heuristics based on earnings surprises rather than earnings, per se, largely exhibiting only semi-rational behavior.
Next, we used the models specified in the main analysis to predict firms’ actual earnings and earnings surprises for the subsequent quarter. First, we found that neither type of prescriptive expectancy violations appeared to significantly predict subsequent earnings. For predicting subsequent earnings surprises, only the effect of prescriptive expectancy violations based on past performance was significant and positive ( = 0.08, p < 0.05). If the negative violation of expectations resulted in subsequent positive surprises, one would expect “rational” investors to react more positively in anticipation, which is opposite to the patterns we found in the main analysis. These results suggest that the patterns seen in our main analysis may be driven by “irrational” or semi-rational behavior. For example, when using a more reliable proxy for future performance (i.e., earnings rather than earnings surprises), the effects observed in the main analysis weakened. Similarly, even though violations of prescriptive expectations did not appear to predict subsequent earnings, investors still seemed to rely on them, and while the prescriptive expectancy violation heuristic based on past performance did appear to predict subsequent earnings surprises, investors seemed to behave in ways that were inconsistent with those predictions.
DISCUSSION
The simple truth is that neither individuals nor firms always behave the way we might expect or want them to (e.g., Burgoon, 2015). This notion that behaviors might diverge from expectations forms the core of EVT research (e.g., Burgoon & Jones, 1976; Burgoon, 1993, 2015) and helps explain why people may react in a particular way when others’ behaviors do not fit their expectations. From its initial roots in explaining reactions to the spatial positioning of others, EVT has expanded to explaining other types of interpersonal behavior (Burgoon, 2015) and then eventually to explaining stakeholder reactions to firm behavior (e.g., Blagoeva et al., 2020; Graffin et al., 2016; Pfarrer et al., 2010). It is against this backdrop that we began to explore when and why stakeholders might react to firm behaviors in ways that might be different, or even contradictory, to what we might expect based on the extant EVT research.
Using a sample of investor reactions to earnings surprises from 2013 to 2019, we bring together ideas of heuristics and future-oriented expectations and find that, in addition to a predictive expectation based on the consensus earnings estimate, investors appear to evaluate firm performance in a more nuanced manner than previously recognized. They appear to use heuristics based on two different types of prescriptive expectations: comparisons to the firm’s past performance and comparisons to peer firms’ performance. We also find that investors appear to update their prospective expectations based on how observed behavior might impact future performance and that this may lead to anticipatory reactions. Once we dug deeper into our results, we found that, contrary to what we expected, neither firm uncertainty nor the percentage of unsophisticated investors appeared to amplify the use of the heuristics. Instead, the reactions seem to be driven by institutional investors, and their use of heuristics appears to be semi-rational or even irrational. Our theorizing and results contribute to the EVT and other literatures in a number of ways. 
First, we introduced the concept of prospective expectations to EVT. Prior conceptualizations of EVT have tended to be retrospective, but given that stakeholders’ reactions are also often influenced by the prospect of future interactions (e.g., Fiske & Taylor, 2013; Snyder & Stukas, 1999), we suggested that stakeholders are likely to form expectations about future interactions with the firm. This is notable since both predictive and prescriptive violations are reactive—they result from observing behavior that explicitly violates ex ante expectations. In contrast, prospective violations are anticipatory because they are based on anticipated changes to the expected value of future interactions with the firm, and hence stakeholders are not waiting to fully observe how those interactions play out. Further, if observed behaviors result in an updating of those expectations—i.e., if the expected value of future interactions with a firm changes—then that is likely to result in anticipatory reactions. By introducing prospective expectations into EVT, we expand existing EVT arguments about attribution of intentionality, motive, and meaning (e.g., Burgoon, 2015) to more fully incorporate the role of updating and the nature of the relationship when predicting reactions to observed behavior. 
If the violation makes stakeholders update their beliefs such that they anticipate a higher likelihood of negative behaviors by an actor, that is likely to result in a lowering of the expected value of future interactions with that actor (i.e., a negative violation of prospective expectations), and thus result in a negative anticipatory reaction. At the same time, although violations of prospective expectations seemed to influence stakeholder reactions, we did not theorize about when prospective expectations may change. In previous versions of the manuscript, we explored the possibility that the pattern of earnings surprises might lead stakeholders to alter their prospective expectations. In those previous analyses, we found indications that some stakeholders may hold regression-to-the-mean (e.g., Brooks & Buckmaster, 1976) assumptions where periods of strong performance might be followed by periods of low performance. However, we also found indications that other investors might believe that firms will tend to continue on the same performance trajectory as before (e.g., De Bondt & Thaler, 1990). The results of those analyses suggest that, while prospective expectations seem to matter, the exact way in which stakeholders form and alter their prospective expectations remains yet to be fully explored, with our study being an early attempt. 
We also followed Burgoon’s (2015: 8) request to “distinguish which type of expectancy violation it addresses” by differentiating between predictive (i.e., consensus earnings estimate), prescriptive (i.e., past performance and peer comparison), and prospective expectations (i.e., changing expectations of the future) held by investors and demonstrate that reactions may be driven not just by holding a single expectation, but by comparing the observed behavior to a set of different criteria. Even when accounting for predictive and prescriptive expectations and controlling for numerous contextual factors, we show that prospective expectations seem to matter in predicting stakeholder expectations. These findings suggest that instead of having a single, context-specific expectation about a particular behavior, stakeholders may hold multiple, distinct expectations, each serving as a separate hurdle that firms must navigate to placate stakeholders. If even a single stakeholder might have multiple expectations about a given behavior, these expectations could prove more difficult to fulfill because they may present divergent criteria. Hence exploring when and under what conditions stakeholders’ multiple expectations about a particular behavior align or conflict may provide further insight into the notion of multiple expectations. Another implication is that stakeholders may weigh different expectations differently. While some may prioritize prescriptive expectations based on a firm’s past performance, others may place greater emphasis on prospective expectations that are more forward-looking. The relative importance of different expectations may vary based on firm characteristics, highlighting an avenue for future research.
Finally, we demonstrate that, at least in our context, stakeholders appear to have set expectations based on the use of simplifying heuristics. Inconsistent with our predictions, we found that uncertainty about the firm did not appear to influence investors’ use of the heuristics. Further, the use of these heuristics appears to be driven by institutional investors, rather than by retail investors, which was unexpected since the former tend to be viewed as more sophisticated and rational in their judgment (Bartov et al., 2000). This is surprising for two interrelated reasons. First, rather than earnings, which may be predictive of subsequent earnings due to their time-series properties (Bernard & Thomas, 1990), investors appeared to anchor on (e.g., Tversky & Kahneman, 1974) earnings surprises. Second, the heuristics were not necessarily informative of the firm’s future performance (since they were not predictive of subsequent earnings). The heuristics were sometimes predictive of subsequent earnings surprises, but in those instances, the reactions were inconsistent with the predicted subsequent surprises. Since institutional investors tend to be evaluated on the performance of their investment portfolios (Bartov et al., 2000), they should be the most likely to be both familiar with the time-series behavior of earnings, making them less likely to rely on heuristics[footnoteRef:10]. [10:  Bernard and Thomas (1990) talk about “unexpected earnings” and Bartov and colleagues (2000) talk about “earnings surprises,” but they are not referring to how earnings compare to consensus analyst estimates as is done in the management literature (e.g., Pfarrer et al., 2010). Instead, unexpected earnings or earnings surprises in their models refer to how the earnings in a particular quarter compares to a seasonal random walk model based on prior earning. Hence it captures the degree to which the current earnings match what was predicted by the seasonal random walk model (using the prior 21 quarters for Bartov et al., 2000, and up to 36 prior quarters for Bernard & Thomas, 1990), as opposed to how much it differs from consensus analyst estimates.] 

Though seemingly irrational at first glance, sophisticated institutional investors’ use of earnings surprises–based heuristics can be explained. First, as mentioned in our theorizing, earnings surprises offers a “common metric” that strips away many of the idiosyncratic factors about earnings (Espeland & Stevens, 1998: 314) that can make direct comparisons of firm performance challenging. Second, we know that heuristics are a way to economize on cognitive capacity and attention limits (e.g., Tversky & Kahneman, 1974), and the use of earnings surprises rather than earnings also helps in this regard by decreasing “the amount of information people have to process” (Espeland & Stevens, 1998: 316). Our post hoc result that heuristics use increased when institutional investors had larger investment portfolios seems to support this notion. When institutional investors must attend to the performance of many firms simultaneously, they need a way to simplify their task despite their sophistication and superior information access (Bartov et al., 2000), even if doing so may be “arbitrary, uncertain, and error-ridden” (Mennicken & Espeland, 2019: 232). 
Tversky and Kahneman (1974: 1124) famously noted that “heuristics are quite useful, but sometimes they lead to severe and systematic errors.” Though they were referring to the specific heuristics they discussed in their own paper, heuristics may indeed have multiple dimensions along which they are useful or less useful. In our study, they apparently served the function of allowing comparability (Espeland & Stevens, 1998) and economizing on limited cognitive resources (Tversky & Kahneman, 1974), but they also seemed to be contrary to the tenets of market efficiency (Fama, 1970) and may have resulted in behaviors that relied on “noise” (e.g., Mennicken & Espeland, 2019). Building on our preliminary exploration with post-hoc tests, future research should consider when and in what ways heuristics might be useful or damaging, as well as delve deeper into when, why, and who may be the most likely to use these heuristics, as well as how investors may update their heuristics over time.
Practical Implications
[bookmark: OLE_LINK25]Our results and theorizing also have practical implications for managers and investors. For managers, our results might confirm their suspicions that investors are overly demanding and that anything managers do might just lead to further demands (e.g., Merton, 1968; Mishina et al., 2010; Rhee & Haunschild, 2006; Wade et al., 2006). Even if the earnings announcement meets or exceeds the consensus estimate (and thereby meets or exceeds the predictive expectation), investors may penalize them if they do not satisfy the two different prescriptive expectations of being at or above past performance and being at or above peer performance, as well as satisfy prospective expectations by ensuring that investors perceive future performance will be at least as strong as they had believed prior to the earnings announcement. In some cases, managers may find themselves in a no-win situation as efforts to satisfy the multiple expectations would likely create even higher expectations for the next period (e.g., Merton, 1968; Mishina et al., 2010; Rhee & Haunschild, 2006; Wade et al., 2006). If investors have multiple expectations, even impression management efforts (e.g., Blagoeva et al., 2020; Graffin et al., 2016; Jin et al., 2022) may be risky, as expectations about different types of behavior may combine into complex situational expectations (Bundy et al., 2021) that then present yet more expectational criteria for managers to worry about. 
[bookmark: OLE_LINK26]For investors, our results potentially represent an opportunity to trade upon that knowledge. Knowing that investors tend to react consistently with the heuristics we suggested means they may be able to, for example, short a firm’s stock when it was likely to beat earnings estimates but be below other expectancy benchmarks. These opportunities, however, may be short-lived as market behavior adjusts, potentially erasing the observed effects (Marquering et al., 2006). Additionally, as we mentioned, the use of these heuristics generally did not appear to predict subsequent earnings or earnings surprises. This inconsistency with efficient market notions (Fama, 1970) is particularly striking given that even institutional investors appear to rely on these heuristics. On the other hand, prior research has also shown that markets can at times operate far from the tenets of market efficiency, such as by reacting to “non-news.” Huberman and Regev (2001: 396), for example, argued that sometimes “capital markets may allocate funds in a somewhat arbitrary fashion” by showing that investors appeared to permanently double the stock price of EntreMed, a biotech company, when an announcement about breakthrough in cancer research appeared in the New York Times on Sunday, May 3, 1998, even though all relevant information had already been published in major outlets (including the New York Times) back in November 1997. Such behavior seems to instead reflect Keynes’ (1936: 156) notion that equity markets are characterized by investors trying to discern “what average opinion expects the average opinion to be.” Under such conditions, irrational “noise traders” may not only be able to survive but potentially dominate markets (e.g., De Bondt & Thaler, 1990). Hence it may be that the institutional investors who are using these heuristics are exactly those types of successful “noise traders” who are anticipating how retail investors might behave in reaction to the earnings announcement and pre-empting them.
Limitations and Future Directions
While our theorizing and results make a number of theoretical and practical contributions, this study is not without its limitations. First, we used the context of earnings announcements, which has also been used in past studies of EVT (e.g., Pfarrer et al., 2010). Using the announcement of performance allowed us to bring in fairly straightforward prescriptive and prospective expectations. It is unclear, however, if our findings could be generalized to contexts that differ dramatically from ours. Exploring the similarities and differences across other types of activities and stakeholders thus represent potential opportunities for subsequent research.
Second, and relatedly, though we explore the predictive expectation provided by the consensus analyst estimate, plus two different types of prescriptive expectations and one type of prospective expectation (albeit with Tobin’s Q and P/E ratio), investors and/or other types of stakeholders may have many other expectation considerations that we did not explore. Or, those expectations might combine in different ways than they did in our context. For example, in our context, investors appeared to have nested expectations, such that they examined how observed behavior compared to predicted expectations and then anchored (e.g., Tversky & Kahneman, 1974) on those earnings surprises to determine whether the firm behavior confirmed to their prescriptive expectations. 
In some cases, predictive and prescriptive expectations may be identical. This can occur, for example, when one expects an individual or firm to behave exactly as normative prescriptions suggest, particularly when there is no available information about their past or likely behavior. In such instances, forming a predictive expectation that differs meaningfully from the normative one becomes unlikely. For example, at the micro level, one might assume that a new acquaintance will behave in accordance with normative expectations unless there are additional cues suggesting otherwise, such as that they belong to a stigmatized group. Similarly, at the firm level, predictive and prescriptive expectations may largely coincide when there is no specific information about a company beyond its classification as a typical member of a particular industry. When predictive and prescriptive expectations do not meaningfully differ, a violation of both may not elicit separate reactions. Other contexts may entail very different types of relationships amongst the multiple expectations, and studying when they may have nested or partially nested expectations, versus when they may have completely independent expectations (i.e., not anchoring on a particular expectation) may provide an additional direction of study.
Third, we used a sample of S&P 500 firms to test our hypotheses. One characteristic of these firms is that they are intended to be “the best single gauge of large-cap U.S. equities… [that] covers approximately 80% of available market capitalization” (S&P Global, 2025). Hence these represent very large, well-known firms for which information is likely to be much more readily available. Consequently, even though the firms varied in terms of commonly used indicators of uncertainty, such as firm size and age (e.g., Freeman, Carroll, & Hannan, 1983), and firm-quarters varied in uncertainty in terms of earnings dispersion (e.g., Ajinkya & Gift, 1985; Barron & Stuerke, 1998), the amount of uncertainty that investors would have about these firms is likely to be much lower than if we had examined firms that were less well known. This may also partly explain why the level of uncertainty did not appear to impact use of heuristics by investors in our sample. Exploring if investors use these same types of heuristics for less well-known firms, and if their use of heuristics might be greater for those firms, may represent another avenue for future study.
[bookmark: OLE_LINK35]Fourth, we only explored prospective expectations in a fairly general sense—whether or not investors think that the performance of the firm might be better or worse in the future. Observed behavior can shape prospective expectations in multiple ways, however. Given that we conceptualize prospective expectations as expected value of future firm behavior, this would suggest that prospective expectations would be based on beliefs about the likelihood and/or frequency of future interactions with the firm, the future behaviors expected from the firm during those interactions, and the criteria used to evaluate the behaviors. Each of the aforementioned factors may change independently or jointly, based on how stakeholders interpret observed behavior, triggering a prospective expectancy violation and subsequent reactions. Conversely, if prospective expectations are not altered by the observed behavior, no such violation occurs, and stakeholder reactions should align with predictions from traditional EVT (e.g., Burgoon, 1993, 2015). Our arguments also imply that prospective expectancy violations are not solely triggered by observed behavior. Rather, any factor influencing the three factors might change prospective expectations and thus provoke anticipatory reactions. Future research could explore whether changes in these factors impact stakeholder reactions, which factors are most influential, and how environmental, firm, or behavioral characteristics affect the likelihood of expectancy violations. 
Finally, while we discussed expectations and heuristics, we only had access to archival data. Our results are generally consistent with our theorizing, and we have followed the examples set by other macro studies on EVT (e.g., Blagoeva et al., 2020; Bundy et al., 2021; Graffin et al., 2016; Jin et al., 2022), but we certainly were not privy to investors’ individual cognitions. Nonetheless, it is common for studies on investors to treat the reactions of investors as indicative of their cognitions and/or sentiment (De Bondt & Thaler, 1985; Pfarrer et al., 2010), particularly since timing can be important in financial markets (Busse & Green, 2002). This makes it difficult to separate out cognitions or emotions of investors from their reactions unless one had something like skin conductance measurements during trading (Lo & Repin, 2002). We thus encourage future studies to delve more deeply into investor cognitions and behavior by more directly exploring the expectations, violations of those expectations, and subsequent behavior, perhaps through policy capturing studies and qualitative evidence (e.g., Connelly, Ketchen, Gangloff, & Shook, 2016; Connelly, Miller, & Devers, 2012). 
These directions represent just a few of the many rich opportunities for further research. We hope that our initial ideas and insights will inspire deeper exploration and encourage scholars to delve into these promising areas about EVT, expectations, and heuristics.
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[bookmark: OLE_LINK28]TABLE 1. Descriptive statistics and correlations
	Variables
	Mean
	SD
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)

	(1) Investor reactions
	0
	0.06
	1.00
	
	
	
	
	

	(2) Predictive expectancy violation (positive)
	0.14
	1.11
	0.08
	1.00
	
	
	
	

	(3) Predictive expectancy violation (negative)
	0.09
	1.01
	-0.05
	-0.01
	1.00
	
	
	

	(4) Prescriptive expectancy violation (past performance)
	0.48
	0.50
	-0.19
	-0.09
	0.07
	1.00
	
	

	(5) Prescriptive expectancy violation (peer comparison)
	0.54
	0.50
	-0.18
	-0.13
	0.08
	0.25
	1.00
	

	(6) Prospective expectancy violation
	0.00
	0.03
	0.09
	0.00
	-0.00
	-0.02
	-0.02
	1.00

	(7) Firm performance
	0.06
	0.19
	-0.01
	-0.06
	-0.04
	0.01
	0.02
	0.03

	(8) High reputation
	0.63
	0.79
	-0.01
	-0.05
	-0.05
	-0.02
	-0.00
	0.01

	(9) Institutional investor ownership
	0.82
	0.14
	0.01
	-0.03
	-0.02
	-0.00
	0.02
	-0.00

	(10) Managerial guidance
	0.15
	0.36
	0.02
	-0.03
	-0.04
	-0.00
	0.00
	0.04

	(11) Analyst coverage
	13.69
	5.33
	0.00
	0.05
	0.00
	0.01
	-0.02
	-0.05

	(12) Estimate dispersion
	0.08
	0.26
	-0.00
	0.12
	0.09
	0.04
	-0.07
	-0.03

	(13) Financial restatements
	0.22
	0.56
	0.00
	0.03
	0.01
	0.02
	-0.03
	-0.01

	Variables
	(7)
	(8)
	(9)
	(10)
	(11)
	(12)
	(13)

	(1) Investor reactions
	
	
	
	
	
	
	

	(2) Predictive expectancy violation (positive)
	
	
	
	
	
	
	

	(3) Predictive expectancy violation (negative)
	
	
	
	
	
	
	

	(4) Prescriptive expectancy violation (past performance)
	
	
	
	
	
	
	

	(5) Prescriptive expectancy violation (peer comparison)
	
	
	
	
	
	
	

	(6) Prospective expectancy violation
	
	
	
	
	
	
	

	(7) Firm performance
	1.00
	
	
	
	
	
	

	(8) High reputation
	0.07
	1.00
	
	
	
	
	

	(9) Institutional investor ownership
	-0.08
	-0.27
	1.00
	
	
	
	

	(10) Managerial guidance
	0.04
	0.03
	-0.01
	1.00
	
	
	

	(11) Analyst coverage
	-0.08
	0.18
	0.01
	0.01
	1.00
	
	

	(12) Estimate dispersion
	-0.10
	-0.00
	0.00
	-0.26
	0.23
	1.00
	

	(13) Financial restatements
	-0.04
	-0.12
	-0.01
	-0.02
	-0.02
	0.05
	1.00



N = 4752. Correlations of |0.03| or greater are significant at p < .05. 
Note: Reported means and standard deviations are for non-transformed variables, correlations are for transformed variables as indicated in the main text.
TABLE 2. Effects of Multiple Expectations on Investor Reactions[footnoteRef:11]a [11: a We rounded results to two decimal places per the guidelines, although most of our variables have values at the third decimal place. We reported fit measures from the xtreg, re output. They are consistent with other published papers in major management journals that predict CAR. For instance, in Rhee & Fiss (2014), the R-squares range from 0.06 to 0.1. Hawn, Chatterji, & Mitchell (2018) report values mostly below 0.05; and Lewis & Carlos (2023) show a similar pattern. An exception is Blagoeva et al. (2020), with R-squares ranging from 0.19 to 0.27.] 

	DV: Investor reactions
	Model 1
	Model 2
	Model 3
	Model 4
	Model 5
	Model 6

	Predictive expectancy violation 
	
	0.00**
	0.00**
	0.00**
	0.00**
	0.00*

	(positive)
	
	(0.00)
	(0.00)
	(0.01)
	(0.00)
	(0.01)

	
	
	
	
	
	
	

	Predictive expectancy violation 
	
	-0.00*
	-0.00+
	-0.00
	-0.00*
	-0.00

	(negative)
	
	(0.05)
	(0.09)
	(0.11)
	(0.04)
	(0.16)

	
	
	
	
	
	
	

	Prescriptive expectancy violation
	
	
	-0.02***
	
	
	-0.02***

	(past performance)
	
	
	(0.00)
	
	
	(0.00)

	
	
	
	
	
	
	

	Prescriptive expectancy violation 
	
	
	
	-0.02***
	
	-0.02***

	(peer comparisons)
	
	
	
	(0.00)
	
	(0.00)

	
	
	
	
	
	
	

	Prospective expectancy violation
	
	
	
	
	0.21***
	0.20***

	
	
	
	
	
	(0.00)
	(0.00)

	
	
	
	
	
	
	

	Firm performance
	-0.00
	-0.00
	-0.00
	-0.00
	-0.00
	-0.00

	
	(0.33)
	(0.42)
	(0.57)
	(0.49)
	(0.34)
	(0.52)

	
	
	
	
	
	
	

	High reputation
	-0.00
	-0.00
	-0.00
	-0.00
	-0.00
	-0.00

	
	(0.58)
	(0.65)
	(0.47)
	(0.64)
	(0.65)
	(0.49)

	
	
	
	
	
	
	

	Institutional investor ownership
	0.01
	0.01
	0.01
	0.01
	0.01
	0.01

	
	(0.40)
	(0.26)
	(0.41)
	(0.25)
	(0.25)
	(0.35)

	
	
	
	
	
	
	

	Managerial guidance
	0.01
	0.00
	0.01
	0.00
	0.00
	0.00

	
	(0.13)
	(0.14)
	(0.12)
	(0.20)
	(0.18)
	(0.20)

	
	
	
	
	
	
	

	Analyst coverage
	0.00
	0.00
	0.00
	0.00
	0.00
	0.00

	
	(0.75)
	(0.96)
	(0.88)
	(0.94)
	(0.80)
	(0.742

	
	
	
	
	
	
	

	Estimate dispersion
	-0.00
	-0.00
	-0.00
	-0.00
	-0.00
	-0.00

	
	(0.61)
	(0.46)
	(0.87)
	(0.18)
	(0.44)
	(0.46)

	
	
	
	
	
	
	

	Financial restatements
	-0.00
	-0.00
	0.00
	-0.00
	-0.00
	-0.00

	
	(0.92)
	(0.87)
	(0.97)
	(0.71)
	(0.89)
	(0.89)

	
	
	
	
	
	
	

	Constant
	-0.01
	-0.01
	0.00
	0.00
	-0.01
	0.01

	
	(0.41)
	(0.34)
	(0.58)
	(0.87)
	(0.24)
	(0.33)

	N
	4752
	4752
	4752
	4752
	4752
	4752

	Within R2
	0.00
	0.01
	0.04
	0.04
	0.02
	0.07

	Between R2
	0.00
	0.02
	0.05
	0.05
	0.02
	0.09

	Overall R2
	0.00
	0.01
	0.04
	0.04
	0.02
	0.07


p-values in parentheses
+ p < 0.10
* p < 0.05
** p < 0.01
*** p < 0.001
APPENDIX A. ADDITIONAL TABLES AND FIGURES
TABLE A1. Impact Threshold of a Confounding Variable (ITCV) Test
	Control variable with the highest correlations
	Partial correlation with DV
	Partial correlation with IV 
	Test statistics
(absolute value)
	ITCV 
(absolute value)

	High reputation
(H1: Model 3 in Table 2)
	-0.011
	-0.024
	0.016
	0.380

	Managerial Guidance
(H2: Model 4 in Table 2)
	0.024
	-0.018
	0.021
	0.380

	Managerial Guidance
(H3: Model 5 in Table 2)
	0.024
	0.041
	0.031
	0.243


TABLE A2. Confounding Events List
	Events
	Keywords

	Establishing a joint venture
	“Joint venture”

	Forming alliances in sales, technology, and production
	“Alliances”

	Establishing a new company
	“New company”

	Entering a new business
	“New business”

	Strengthening an existing business
	“Strengthen business”

	Undertaking liquidation, settlement, reorganization, etc.
	“Liquidation” or “settlement” or “reorganization”

	Closing an existing business
	“Close business”

	Downsizing an existing business
	“Downsizing”

	Canceling or postponing a plan
	“Canceling” or “postponing”

	Participating as a minority shareholder
	“Participate” and “minority shareholder”

	Purchasing additional shares after acquiring a 50 percent stake
	“Purchase shares”

	Acquiring assets
	“Acquire assets”

	Merger
	“Merger”

	Acquisition 
	“Acquisition”

	Product announcement
	“Product announcement”

	Expansion
	“Expansion”

	Layoffs
	“Layoff”

	Succession
	“Succession”

	Retirement
	“Retirement”

	Spinoff
	“Spinoff”

	Compensation/pay announcements
	“Compensation” or “pay announcement”

	Restatement
	“Restatement”

	Scandal
	“Scandal”

	Lawsuit
	“Lawsuit”


Note: All keywords included various forms and permutations, such as different verb tenses.





TABLE A3. Correlations between Continuous Prescriptive Expectancy Violations and Other Key Variables
	Variables
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)

	(1) Predictive expectancy violation (positive)
	1.00
	
	
	
	
	
	

	(2) Predictive expectancy violation (negative)
	-0.01
	1.00
	
	
	
	
	

	(3) Prescriptive expectancy violation (past performance: difference)
	-0.37
	0.31
	1.00
	
	
	
	

	(4) Prescriptive expectancy violation (past performance: percentage difference)
	-0.31
	0.14
	0.48
	1.00
	
	
	

	(5) Prescriptive expectancy violation (peer comparisons: difference)
	-0.40
	0.33
	0.49
	0.40
	1.00
	
	

	(6) Prescriptive expectancy violation (peer comparisons: percentage difference)
	-0.41
	0.23
	0.42
	0.45
	0.60
	1.00
	

	(7) Prospective expectancy violation
	0.00
	-0.00
	-0.01
	-0.02
	-0.01
	-0.03
	1.00

	


Figure A1. Marginal effects of prescriptive expectancy violation (peer comparison) moderated by average institutional investor portfolio size
[image: ]
Note: Confidence intervals were constructed at the 90% level in the figure. To mitigate the impact of extreme values, we capped the minimum value of institutional investor portfolio size in the figure at the 1st percentile and the maximum value in the figure at the 99th percentile.
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